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Examining Multidimensional Poverty in Sri Lanka: Transitioning Through Post War Conflict  

Abstract   

This paper analyses the trend and changes in Sri Lanka’s multidimensional poverty before the 

ethnic war in 2007, the transition through 2009 and after the war in 2012/13. Using multiple 

correspondence and stochastic dominance analyses, the change in multidimensional poverty 

for various groups over time is considered using provincial and sectoral decompositions. 

Evidence shows that multidimensional poverty has declined since 2007. This is seen for war-

affected and non-affected provinces as well as all ethnic groups. In particular, the after-war 

decline was caused by considerable improvements in the rural sector and some improvement 

in the urban sector but little change in the estate sector. Quantile regression analysis revealed 

that the war-affected Northern and Eastern provinces, and the ethnic minority of Tamils are 

still worse off than their counterparts after the war. To reduce multidimensional poverty, a 

targeted policy of priming up the peace dividend efforts comprising infrastructural 

development and improving employment opportunities within a coherent policy framework in 

the war-affected provinces should be undertaken. To address regional imbalance, improving 

living conditions and incomes in the estate sector in particular cannot be neglected and a public-

private partnership could be effective in addressing multidimensional poverty.       

 

Key words: Multidimensional poverty, war, multiple correspondence analysis, stochastic 

dominance analysis.   
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1. Introduction 

As human lives are battered in all different ways (Sen 2000), the call to acknowledge 

deprivations of different kinds has come a long way in being accommodated in poverty 

analysis. This has resulted in the shift of poverty measurement from a unidimensional concept 

based on income/consumption expenditure to a multidimensional approach (Pattanaik and Xu 

2018). In this regard, leading the measurement of a global multidimensional poverty index 

(MPI) for as many countries as possible based on the dimensions of health, education, and 

living standards is the Oxford Poverty and Human Development Initiative pioneered by Alkire 

and Foster (2009). Alkire et al. (2015) explain that multidimensional poverty complements 

income poverty as it presents information from a different angle and thus provides policy 

makers with more information, allowing them to be better equipped to target who receives aid 

and welfare, and therefore, to more effectively combat poverty. 

While there are several studies (Angulo et al. 2016, Hanandit and Tampubolon 2016, 
Li et al. 2019, Phan and O’Brien 2019) on the prevalence and determinants of multidimensional 

poverty in the context of developing countries, there is yet to be any study on a country that 

has experienced a bloody civil war. The use of Sri Lanka is an appropriate case study given its 

30-year long ethnic conflict between the Sinhalese (ethnic majority) and Tamils (ethnic 

minority) that ended in 2009. Despite the war, this lower middle income country has 

experienced a considerable reduction of income poverty from 26.1% in 1990/91 to 6.7% in 

2012/13 (World Bank 2016). But a decline in income poverty does not necessarily guarantee 

that the standard of living of people has improved adequately. The changes in the prevalence 

of multidimensional poverty over time is a better approach to examine the improvements in 

their overall standard of living rather than just focusing on the changes in income poverty 

levels.  

To our knowledge, only two estimates of Sri Lanka’s multidimensional poverty 

measure exist. Using data from the 2003 Demographic and Health Survey, Alkire and Santos 

(2014) found Sri Lanka’s relatively low MPI to fare better than other South Asian economies, 

as well as China, Indonesia and Vietnam. Using data from the Department of Census and 

Statistics’ Household Income and Expenditure Survey (HIES), Nanayakkara (2012) from Sri 

Lanka’s Institute of Policy Studies reports that MPI head-count has declined from 7% in 2006/7 

to 4.7% in 2009/10. Beyond these estimates, neither of these studies provide any analysis of 

MPI.  
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This paper contributes to the existing literature in four ways. This is the first 

comprehensive MPI paper on a war-torn country. The intertemporal analysis undertaken here 

is based on three waves of data provides trends on MPI over time - before the war in 2007, 

transitioning through the war in 2009, and after the war in 2012/13. Unlike the two previous 

estimates on Sri Lanka which were based on the widely used Alkire and Foster (2009) method, 

we use the multiple correspondence approach (MCA) to estimate MPI. This is in part due to 

several problems in the Alkire and Foster method (see Pasha 2017, and Pattanaik and Xu 2018 

for details) including the arbitrary determination of weights and cut-offs. Thus the MCA is 

used as an alternative because it is a statistical approach of determining weights based on the 

structure of the data set. In addition, Pasha (2017) explains that the MCA is useful regardless 

of the number of indicators and types of indicators (be it binary, categorical or continuous).  

The second contribution is that the two previous estimates on Sri Lanka’s MPI were 

computed only at the aggregate country level. This masks the situation at the disaggregated 

level. Hence this paper provides a spatial analysis of MPI across nine provinces, three sectors 

(rural, urban and the estate sector), and different ethnic groups. The spatial dimension is 

particularly relevant for Sri Lanka given that some provinces are more ethnically aligned than 

others (and hence more affected by the civil war), and the majority of the population (about 

65%) still live in the rural areas. This is in line with the inclusive growth concept underlying 

the 2015 sustainable development goal of the provision of well-being for all regardless of 

where they live.   

The third contribution of the paper is identifying the driving forces behind the MPI 

trends over time using the FGT index (Foster Greer and Thorbecke index). This is done by 

analysing provincial decomposition and sectoral (rural, urban and the estate sector) 

decomposition to provide a holistic understanding of the multidimensional poverty in relation 

to the transition and recovery from war. A major challenge involved in comparisons across 

various groups, particularly across time is the possible changes in the MPI-based relative 

poverty line. To overcome this, stochastic dominance tests are used to compare the entire MPI 

distributions (see Atkinson 1970, Foster and Shorrocks 1988, Duclos et al. 2006) to determine 

if one multidimensional poverty distribution dominates another for all possible 

multidimensional poverty lines between different time periods and population sub-groups.   

The fourth contribution of the paper lies in examining the influence of household 

demographic and socio-economic characteristics on MPI using quantile regression. As the 

distribution of MPI may be skewed or non-normal, we adopt this non-linear model to compare 
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the effect of various factors contingent on the MPI status. The results provide some direction 

for policy and targeting resources to enhance the standard of living and welfare of people in 

Sri Lanka’s post-war development agenda.   

The structure of the rest of this paper is as follows. Section 2 describes the data used in 

this study and Section 3 presents the methodology adopted in the empirical analysis. Section 4 

discusses the results and Section 5 concludes with policy implications arising from this study. 

 

2. Data description on characteristics of households  

The HIES data set is appropriate for the study of multidimensional poverty in Sri Lanka given 

the coverage of a range of factors such as demographic characteristics, health information, 

education, possession of durable goods, access to infrastructure facilities, and housing 

characteristics in the survey. The data set also provides detailed data on household income and 

expenditure on both food and non-food items. In this study, expenditure data is used to proxy 

income poverty as it is a better proxy than earned income for consumption in developing 

countries (Haughton and Khandker 2009). 

The HIES conducted by the Department of Census and Statistics uses a two-stage 

stratified sampling design to obtain a representative sample of Sri Lanka’s population. A 

household’s district is the main domain used for stratification with the rural, urban and estate 

sectors used as the second selected domain. The Department of Census and Statistics defines 

the areas governed by either municipal council or urban council as the urban sector. The 

plantation areas which are more than 20 acres and have no fewer than 10 residential labourers 

are known as the estate sector. The residential areas that do not belong to either the urban sector 

or the estate sector are classified as the rural sector. The data was collected during twelve 

consecutive monthly rounds in each survey period in order to capture seasonal variations in the 

expenditure and consumption of households.  

Table 1 illustrates the coverage and sample size of the data used in this study. Due to 

the civil war that was taking place in the country, 2006/07 survey excludes the Northern 

province and Trincomalee district in the Eastern province. Although the war ended in 2009, 

the 2009/10 survey excludes three districts of Mannar, Killinochchi and Mullativu in the 

Northern province due to landmine clearance and resettlement activities that took place after 

the end of the civil conflict. However, the two key districts of Vavuniya and Jaffna covered in 

the Northern province in the 2009/10 survey have at least 75% of the Tamil population 



5 
 

(Department of Census and Statistics 2011b) which is the ethnic minority of interest in this 

study. The 2012/13 survey covers the entire country.   

[Table 1] 

This study uses household as the unit of analysis. Table 2 presents a description of the 

demographic and social characteristics of the head of the household. While the rural (estate) 

sector has the highest (lowest) population, the highly urbanised Western province is the most 

populated with the war-affected Northern and the Eastern provinces making up 8.78% and 

9.44%, respectively based on the HIES sample in 2012/13. As noted earlier, the exclusion of 

some districts in the Northern province from the survey in 2006/07 and in 2009/10 have 

resulted in this province being underrepresented during these periods. In terms of ethnicity, the 

Sinhalese are the ethnic majority followed by the Tamils. About 94% and 40% of the 

population in the war-torn Northern and the Eastern provinces are Tamils (Department of 

Census and Statistics 2012).  

[Table 2] 

Income Poverty Incidence 

Household expenditure consists of expenditure on food, alcohol and non-food items. The 

expenditure data is aggregated and converted to a monthly household expenditure figure 

because data on food expenditure is collected weekly but data on non-food expenditure is 

computed on a monthly basis.  

[Fig 1] 

 

Figure 1 displays the poverty headcount index based on per capita monthly expenditure being 

below the official poverty line.  During the period of 1990-2013, Sri Lanka’s poverty headcount 

has seen a drastic decline and this reduction has been attributed to the implementation of a 

number of poverty reduction programs targeted at reducing income poverty (Ranathunga 

2018). The urban sector had the lowest headcount poverty rate whilst the estate sector had the 

highest headcount poverty rate, except for the 1990/91 period in which the poverty headcount 

index for the estate sector was lower than that of the rural sector. Although the poverty rate in 

the rural sector has been declining, a majority (approximately 65% in 2012/13) of the 

population live in the rural sector.   
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[Table 3] 

 

Table 3 shows the trends in poverty headcount rate by province. Uva followed by the Eastern 

and Northern provinces had the highest headcount poverty rates in 2013. Meanwhile, the 

Western province has consistently had the lowest headcount poverty rate over time. In terms 

of trends, whilst most provinces have experienced declines in headcount poverty between 

2006/07 to 2009/10 and between 2009/10 to 2012/13, there has been an increase in poverty 

headcount ratio in the Eastern, North Central and the Uva provinces from 2009/10 to 2012/13. 

In fact, the World Bank (2016) reports that income inequality in Sri Lanka rose sharply after 

2009. 

 

3.  Methodology 

3.1. Multidimensional poverty index  

Maggino (2017) draws attention to the importance of identifying the appropriate measurement 

model for poverty analysis. To construct the MPI, this study uses the MCA for three reasons. 

First, as the construction of MPI in this study will rely exclusively on categorical variables, 

MCA is an appropriate approach as it makes fewer assumptions about the underlying 

distributions of the variables (Asselin 2017). Second, the MCA has a marginalisation 

preference as it provides higher weights to indicators with a smaller number of hits. With the 

presence of few deprived individuals within any dimension, a higher weight will be allocated 

to these individuals (Njong and Ningaye 2008). Third, the MCA has reciprocal bi-additivity 

which implies that there is duality between the index value for each population unit and the 

weights given to each poverty category. This assumption is important for applying the 

monotonicity axiom in poverty measurement (Beh and Lombardo 2014). As the MCA has been 

widely used to compute MPI (see Asselin 2017, Booysen et al. 2008, Ntsalaze and Ikhide 2018, 

Pasha 2017), we rely on this same approach. 

 

[Table 4] 

 

The MPI in this paper consists of four main dimensions as seen in Table 4: Health (any member 

of the household suffering from chronic illness and distance to the nearest hospital), Education 

(household head’s education level), Ownership of durable goods (ownership of washing 

machine, refrigerator, motor car/van/bike, telephone or mobile phone, DVD/VCD players and 

computers), and Housing conditions (toilet use, type of toilet, size of house, roof materials are 
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permanent or not, wall materials are permanent or not, floor materials are permanent or not and 

access to safe water). These variables are either binary or categorical in nature. The MCA 

provides a singular vector decomposition with different weights for each indicator as seen in 

Table 4.  

 

In order to make intertemporal comparisons, we use the weights of the most recent survey of 

2012/13 as the benchmark level. It is common practice to use a particular year’s weights for 

comparisons over time (Asselin 2017, Pasha 2017). For MCA to be valid in a multidimensional 

poverty framework, it must satisfy the First Axiom Ordering Consistency (FAOC-I). That is,  

for any indicator 𝐼𝐼𝑘𝑘, there must be consistency in ordering across weights and across categories 

where the ordering relationship can be either increasing or decreasing. Secondly, the MPI must 

satisfy the Global First Axiom Ordering where FAOC-I holds for all indicators 𝐼𝐼𝑘𝑘 with the 

same orientation.  

 

Table 4 indicates that both these axioms hold as all indicators with a negative weight contribute 

to poverty (e.g. No Safe Water = -1.557) whilst indicators with a positive weight (e.g. Safe 

Water = 0.203) reduce poverty. Additionally, for categorical indicators there is a consistent 

ordering relationship where the lowest negative weight contributes most to poverty and the 

highest positive weight reduces poverty the most. As both the axioms hold, it is appropriate to 

retain only the first factorial axis in the measurement for the MPI (Beh and Lombardo 2014). 

Furthermore, the first factorial axis explains 91.86% of variation in the latent multidimensional 

variable of poverty. As this is significant, following Ezzrari and Verme (2013), Ntsalaze and 

Ikhide (2018), and Pasha (2017), we utilize the first factorial component.  

 

The unstandardized MPI (UMPI) is then computed using the Burt matrix detailed in Beh and 

Lombardo (2014). For Sri Lanka, the MPI ranged from -2.16 to 3.01 where -2.16 indicates the 

highest level of multidimensional poverty. As having both positive and negative MPI values 

poses difficulties in interpretation, they are standardized below following Antony and 

Visweswara Rao (2007):   

 

 (1)  𝑀𝑀𝑀𝑀𝐼𝐼 = 𝑈𝑈𝑈𝑈𝑈𝑈𝑈𝑈𝑖𝑖− min𝑈𝑈𝑈𝑈𝑈𝑈𝑈𝑈
max𝑈𝑈𝑈𝑈𝑈𝑈𝑈𝑈−min𝑈𝑈𝑈𝑈𝑈𝑈𝑈𝑈

× 100 
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where 𝑈𝑈𝑀𝑀𝑀𝑀𝐼𝐼𝑖𝑖 is the unstandardized MPI, max𝑈𝑈𝑈𝑈𝑈𝑈𝑈𝑈 and min𝑈𝑈𝑈𝑈𝑈𝑈𝑈𝑈 are the maximum and 

minimum values of the unstandardized MPI. The standardised MPI (here after referred to as 

MPI) ranges between 0 and 100 where a MPI value of zero (100) represents the most (least) 

multidimensionally poor individual. Figure 2 depicts the MPI distribution for the three time 

periods. We used the Kolmogorov-Smirnov and Shapiro-Wilk tests designed to test normality 

of the MPI data and found normality underlying the distribution of data to be rejected.    

 

[Fig 2] 

 

A limitation of using the MCA to compute the MPI is that it is difficult to analytically determine 

what the MPI poverty line is (Alkire et al. 2015). Following the approach of Ezzrari and Verme 

(2013), this study uses a relative poverty line to determine whether an individual suffers from 

multidimensional poverty. A relative poverty line is used because unlike income poverty, it is 

difficult to assess the threshold level of MPI poverty where an individual is incapable of 

meeting their basic needs. Therefore, it may be preferable to use a relative poverty line which 

indicates the minimum accepted level of welfare for a society. In this study, the relative poverty 

line is defined as 60% of the median MPI as this threshold is widely used to measure relative 

poverty (see Cappellari and Jenkins 2004, Ezzrari and Verme 2013). Accordingly, households 

whose MPI falls below 60% of the median MPI are deemed to be multidimensionally poor.  

 

3.2 Multidimensional poverty across sub-groups: Stochastic dominance approach  

When investigating patterns in poverty reduction, it is important to identify how various 

population sub-groups, provinces and regional areas in the country are faring in the level of 

multidimensional poverty (Alkire et al. 2015). As explained earlier, we use the stochastic 

dominance approach to do this.  

 

When applied to poverty, stochastic dominance tests are based on the generic structure of the 

well-known Foster, Greer and Thorbecke index (FGT index) (Davidson and Duclos 2000; 

2013) and are therefore structurally equivalent to comparing the distribution of FGT curves. 

The FGT index has three intuitive values for poverty aversion parameter, 𝛼𝛼. For example, when 

𝛼𝛼 = 0, the FGT0 index is the headcount ratio; when 𝛼𝛼 = 1, the FGT1 index measures the 

poverty gap that can be interpreted as the average shortfall of income from the poverty line for 

all individuals; when 𝛼𝛼 = 2, the FGT2 index measures the severity of poverty by squaring the 
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normalised poverty gap. To ensure consistency within the Northern province, only the districts 

included in the 2009/10 HIES survey are included in the FGT curves.  

 

Following Davidson and Duclos (2000 and 2013), MPI distribution B is said to stochastically 

dominate MPI distribution A at order s if  

(2)  𝐷𝐷𝐴𝐴𝑠𝑠(𝑀𝑀𝑀𝑀𝐼𝐼) ≥ 𝐷𝐷𝐵𝐵𝑠𝑠(𝑀𝑀𝑀𝑀𝐼𝐼)  

Suppose that a poverty line is established at MPI level 𝑧𝑧 > 0.  First order stochastic dominance 

of A by B up to a poverty line 𝑧𝑧 implies that 𝐷𝐷𝐴𝐴1(𝑀𝑀𝑀𝑀𝐼𝐼) ≥ 𝐷𝐷𝐵𝐵1(𝑀𝑀𝑀𝑀𝐼𝐼) for all 𝑀𝑀𝑀𝑀𝐼𝐼 ≤ 𝑧𝑧. This 

implies that the proportion of households below the MPI poverty line, that is, the MPI head 

count ratio, is always greater in A than in B up to a poverty line not exceeding 𝑧𝑧. Second order 

dominance of A by B up to a poverty line 𝑧𝑧 implies that the average MPI gap 𝐷𝐷𝐴𝐴2(𝑀𝑀𝑀𝑀𝐼𝐼) ≥

𝐷𝐷𝐵𝐵2(𝑀𝑀𝑀𝑀𝐼𝐼), that is,   

(3) ∫ (𝑀𝑀𝑀𝑀𝐼𝐼 −𝑀𝑀𝑀𝑀𝐼𝐼∗)𝑑𝑑𝐹𝐹𝐴𝐴(𝑀𝑀𝑀𝑀𝐼𝐼∗) ≥𝑈𝑈𝑈𝑈𝑈𝑈
0 ∫ (𝑀𝑀𝑀𝑀𝐼𝐼 −𝑀𝑀𝑀𝑀𝐼𝐼∗)𝑑𝑑𝐹𝐹𝐵𝐵(𝑀𝑀𝑀𝑀𝐼𝐼∗)𝑈𝑈𝑈𝑈𝑈𝑈

0   

for all 𝑀𝑀𝑀𝑀𝐼𝐼 ≤ 𝑧𝑧. Likewise, third order stochastic dominance 𝐷𝐷3(𝑀𝑀𝑀𝑀𝐼𝐼) can be considered 

equivalent to comparing two FGT2 curves measuring MPI severity (Ravallion 1994).  

 

However, these type of unrestricted stochastic dominance tests where there is no restriction on 

the poverty line, 𝑧𝑧 may not reveal compelling results as this forces comparisons for 

distributions for which there is too little information (Howes 1993). Therefore, in this study, 

we conduct restricted stochastic dominance undertaken within a range of poverty lines 

𝑧𝑧{𝑧𝑧−, 𝑧𝑧+}, which can be considered as reasonable across all time periods rather than one single 

poverty line 𝑧𝑧 (Davidson and Duclos 2013). We chose the lower poverty line as 15 (40% of the 

relative MPI poverty line in 2007) and the upper poverty line as 35 (60% of the relative MPI 

poverty line in 2013). If we observe dominance for one distribution over another within the 

range of the lower and the upper limit of our poverty line, we regard that as poverty dominance. 

The tests were conducted up to order 3 after which ‘no dominance’ was declared. 
 

3.3 Decomposition 

While stochastic dominance tests enable the understanding of how poverty distributions have 

changed over time across various population sub-groups, they do not provide information about 

the relative contribution of each population sub-group for the overall intertemporal changes in 
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multidimensional poverty. For this purpose, following Iniguez-Montiel (2014), and Milazzo 

and De Walle (2017), we use the decomposition method of Ravallion and Huppi (1991) to 

identify the sectoral and provincial contribution for the national level multidimensional poverty 

performances. This was deemed important given the notable variation in income inequality 

variation between the sectors and provinces in Sri Lanka (World Bank 2016).  

With the FGT poverty measures (𝑀𝑀𝛼𝛼, for 𝛼𝛼 ≥ 0) for two distributions of MPI indicators (A and 

B), the decomposition can be presented as:  

(4) 𝑀𝑀𝛼𝛼𝐵𝐵 − 𝑀𝑀𝛼𝛼𝐴𝐴 = ∑ �𝑀𝑀𝛼𝛼𝛼𝛼𝐵𝐵 − 𝑀𝑀𝛼𝛼𝛼𝛼𝐴𝐴 �𝑛𝑛𝛼𝛼𝐴𝐴𝑟𝑟
𝛼𝛼=1       (Intrasectoral effect: change in MPI for the j sector using 

                                                                        survey A poverty line and population share) 
 
       +  ∑ �𝑛𝑛𝛼𝛼𝐵𝐵 − 𝑛𝑛𝛼𝛼𝐴𝐴�𝑀𝑀𝛼𝛼𝛼𝛼𝐴𝐴𝑟𝑟

𝛼𝛼=1     (Migration effect: change in MPI arising from population shifts) 

       +∑ (𝑀𝑀𝛼𝛼𝛼𝛼𝐵𝐵 − 𝑀𝑀𝛼𝛼𝛼𝛼𝐴𝐴 )�𝑛𝑛𝛼𝛼𝐵𝐵 − 𝑛𝑛𝛼𝛼𝐴𝐴�𝑟𝑟
𝛼𝛼=1   (Interaction term between sectoral changes and population shifts) 

where 𝑀𝑀𝛼𝛼𝛼𝛼𝐴𝐴  is the poverty rate for sector/province j for the distribution A;  𝑛𝑛𝛼𝛼𝐴𝐴 is the population 

share for sector/province j for the distribution A; and  𝑟𝑟 is the number of regions or sectors.  

The first component which is the intrasectoral effects show how changes in the MPI of each of 

the sectors (urban, rural and estate) contribute to the aggregate change in MPI.  The second 

component is the contribution of changes in the distribution of the population across the three 

sectors. Ravallion and Huppi (1991) note that the final component can be interpreted as a 

measure of the correlation between population shifts and changes in MPI within the sectors. In 

this study, 60% of the median MPI was chosen as the baseline poverty line while a poverty line 

of 40% of the median MPI was used as a robustness check.   

 

3.3 Relationship between socio-economic characteristics and multidimensional poverty 

In order to examine the link between socio-economic characteristics of household and 

multidimensional poverty, we estimate the quantile regression model introduced by Koenker 

and Bassett (1978) as a system of equations at the 5th, 10th, 25th, 50th, 75th and 90th quantiles.  

The choice of quantile regression approach was based on three reasons as highlighted by 

Camaron and Trivedi (2010). Firstly, quantile models allow a richer understanding of the data. 

In the ordinary linear square (OLS) regression, the regression coefficient represents the average 

change in the dependent variable produced by a one unit change in the predictor variable. The 

quantile regression parameter, on the other hand, estimates the change in a specified part of the 

distribution of the dependent variable allowing for different percentiles of the MPI distribution 

to be affected differently by the factors. Secondly, quantile regression is more robust to outliers 
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than OLS models and thirdly, quantile regression models are especially suitable for 

heteroskedastic data such as cross-sectional data used in this study.  

 

It must be acknowledged that the factors that determine household expenditure levels may 

affect MPI and thus there could potentially be an endogeneity problem in the model specified 

in Equation (5). However, there is strong scepticism towards the precision in the use of 

instrumental variables to address endogeneity in non-linear models as argued by Subramanian 

and Deaton (1996) and Mahadevan and Suardi (2014). In addition, Mahadevan and Suardi 

(2014) explain that dealing with endogeneity within quantile regression has yet to be 

undertaken widely due to the lack of ease in applying the theoretical suggestions in the 

literature to address the problem. In any case, the available data in this study does not provide 

suitable instrumental variables as most of the variables related to household well-being have 

been used in the estimation of MPI and hence cannot be used as instruments. As we are unable 

to take endogeneity into account, readers are cautioned that we interpret the empirical results 

as associations of the factors with MPI and not the impact of factors on MPI.  

 

The quantile regression model is specified as:   

(5)  𝑀𝑀𝑀𝑀𝐼𝐼 = 𝛽𝛽0 + 𝛽𝛽1𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝐷𝐷 + 𝛽𝛽2𝑀𝑀𝑆𝑆𝑆𝑆𝑃𝑃𝐼𝐼𝑃𝑃𝑆𝑆𝑆𝑆𝐷𝐷 + 𝛽𝛽3𝑆𝑆𝑆𝑆𝐸𝐸𝑃𝑃𝐼𝐼𝑆𝑆𝐼𝐼𝑆𝑆𝐸𝐸𝐷𝐷 + 𝛽𝛽4𝐹𝐹𝐸𝐸𝐸𝐸𝐷𝐷 +

                       𝛽𝛽5𝑙𝑙𝑙𝑙𝑙𝑙𝐸𝐸𝐸𝐸𝑆𝑆𝑙𝑙𝑀𝑀 + 𝛽𝛽6𝐴𝐴𝐴𝐴𝑆𝑆 + 𝛽𝛽7𝐴𝐴𝐴𝐴𝑆𝑆2 + 𝛽𝛽8𝐸𝐸𝐸𝐸𝑆𝑆𝐼𝐼𝐻𝐻𝑆𝑆 + 𝜀𝜀  

  

where 𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝐷𝐷 is a dummy variable to represent rural and estate sectors with urban sector 

as the base;  𝑀𝑀𝑆𝑆𝑆𝑆𝑃𝑃𝐼𝐼𝑃𝑃𝑆𝑆𝑆𝑆𝐷𝐷 is a dummy variable to represent provinces; Central, Southern, 

Northern, Eastern, North Western, North Central, Uva and Sabaragamuwa, taking Western 

province as the base province; 𝑆𝑆𝑆𝑆𝐸𝐸𝑃𝑃𝐼𝐼𝑆𝑆𝐼𝐼𝑆𝑆𝐸𝐸𝐷𝐷 is a dummy variable representing Tamil and 

other ethnicity, taking Sinhala as the base ethnicity; 𝐹𝐹𝐸𝐸𝐸𝐸𝐷𝐷 is a dummy variable for household 

head widowed, single or divorced female=1 and 0 otherwise; 𝑙𝑙𝑙𝑙𝑙𝑙𝐸𝐸𝐸𝐸𝑆𝑆𝑙𝑙𝑀𝑀 is log of total 

household expenditure; 𝐴𝐴𝐴𝐴𝑆𝑆 is the age of household head, and  𝐸𝐸𝐸𝐸𝑆𝑆𝐼𝐼𝐻𝐻𝑆𝑆 is household size.  

 

4 Results and Discussion  

4.1. Incidence of multidimensional poverty 

Using the MPI poverty line as 60% of the median MPI and the per capita expenditure poverty 

line of Rs. 2233, Rs. 3028 and Rs. 3,264 per month for 2006/07, 2009/10 and 2012/13 
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respectively, a poverty matrix was constructed to show the prevalence of multidimensional and 

income poverty.  As seen in Table 5, in 2012/13, only about 9.26% of the households have no 

overlap between multidimensional and income poverty. Before the war in 2006/07, this 

proportion was 17.71% but this is an upward bias as the war-affected provinces are not included 

in this period. The relationship between income and multidimensional poverty (with an average 

correlation coefficient about 0.41 in the three time periods) is quite strong similar to other 

developing countries (see Angulo et al. 2015, Ezzari and Verme 2013, Mahadevan and Hoang 

2016). But targeting income poverty alone may not be sufficient to improve deprivation of 

households as about 5%-6.6% of the households are found to be multidimensional poor but not 

expenditure poor in all three survey periods. 

[Table 5] 

 

4.2 Stochastic dominance and decomposition 

Figure 3 displays the FGT curves for Sri Lanka for 2007, 2010 and 2013 for different 𝛼𝛼 levels 

(𝛼𝛼 = 0,1,2,3). As Ravallion (1994) notes, the poverty will fall between two periods if the 

poverty incidence curve for the latter period lies nowhere above that for the former period. It 

can be seen in Figure 3 that the distribution of all the FGT curves: multidimensional poverty 

headcount FGT0 (𝛼𝛼 = 0), the multidimensional poverty gap FGT1 (𝛼𝛼 = 1) and the 

multidimensional poverty severity FGT2 (𝛼𝛼 = 2) for 2007 is everywhere above that of the 

distribution of all the 2013 FGT curves. This reflects that MPI has declined over time. 

However, the severity of MPI has decreased less after the war (2010 to 2013) than before the 

end of the war from 2007 to 2010. This is reflected in the distance between the FGT2 curves 

between these two comparative time periods.  

 

[Figures 3 and 4] 

 

At the sectoral level, Figure 4 shows that the multidimensional poverty headcount index FGT0 

has declined for all the sectors over time but with some disparities between the sectors. For 

example, rural sector households show similar extent of declines during these periods but urban 

households experienced greater declines in multidimensional poverty after the war than before 

the war. The latter is possibly due to the increased market activities resulting in economic 

growth due to agglomeration advantages around the urban and peri-urban areas along the 

Colombo-Kandy-Galle corridor (World Bank 2016). Those in the estate sector however saw 
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considerable decline in their multidimensional poverty before the end of war and hardly any 

decline after the war. This was possibly due to the decrease in income poverty for the estate 

sector before the war as a result of the substantial increase in the price of tea and rice and hence 

real wages for the estate sector workers (ibid).   

 

[Figures 5 and 6] 

 

Figure 5 presents FGT0 curves at the provincial level where it can be seen that most provinces 

have improved their multidimensional poverty headcount ratio since 2007. However, 

Sabaragamuwa and Uva provinces experienced a lower reduction in multidimensional poverty 

headcount ratio during 2010-2013 compared to 2007-2010. Most of the districts in these two 

provinces fall under the estate sector. With the war-affected Northern and Eastern provinces, 

there is little reduction in multidimensional poverty between 2010-2013 at lower poverty cut-

off lines of 40 and below. In terms of the location of the FGT0 curves, the Western (Northern) 

province has the most (least) right skewed distribution, indicating that this region has the lowest 

(highest) multidimensional poverty levels.  

 

The distribution of FGT0 curves by ethnicity and gender of the household head is given in 

Figure 6. While the multidimensional poverty levels among both Sinhalese and Tamil 

population have declined during the period under consideration, there appears to be less 

reduction in multidimensional poverty among the Tamils after than before the war. This is 

somewhat surprising, given that the war ended in 2009 and the peace dividend is expected to 

enhance the standard of living of the war-affected communities (mainly Tamils in the Northern 

and Eastern provinces). The empirical observation may however be due to the differences in 

the geographical coverage in the three surveys. For instance, a number of Tamil-dominated 

districts that were covered in 2013 were not covered in the 2010 survey. Therefore, the 

reduction in multidimensional poverty shown in the 2010 distribution may not present the true 

picture. The right skewed distribution for the Sinhalese compared to the Tamils indicate that 

the level of multidimensional poverty presence in the Singhalese community is lower than that 

of the Tamil community.  

 

We also consider the population sub-group of male- and female-headed households. 

This is important due to the unusually high proportion of female-headed households in Sri 

Lanka in part because of the civil war and also due to international out-migration of the male 



14 
 

partner for work as noted by De Silva (2005). Results in Figure 6 show that multidimensional 

poverty has declined for both male- and female-headed households over both periods, before 

and after the war. While it appears that the reduction for the female-headed group is higher 

after the war, reasons for this are unclear and need to be further examined.  

 

[Table 6] 

 

Table 6 presents the results for sectoral decomposition results of changes in MPI during 2007-

2013. These results reveal that the decline in aggregate multidimensional poverty in Sri Lanka 

has primarily been driven by the decline in rural multidimensional poverty by 65.2% and 73.8% 

(when the poverty line is defined as 60% of MPI in 2007) in 2007-2010 and 2010-2013 

respectively.  This result could be attributed to a number of poverty reduction and infrastructure 

development projects carried out targeting the large rural population (Ranathunga 2018).     

 

The urban sector contributed 11.9% between 2007 and 2010 and 20.2% between 2010 and 

2013 (using a poverty line that was 60% of the median MPI in 2007) to the overall reduction 

of multidimensional poverty in the country. As the standard of living of urban sector 

households are in general better compared to the rural and estate sector households, the 

magnitude of reduction in multidimensional poverty levels is as expected, lower in the urban 

sector.  

 

Results reveal that the estate sector contributes to about 24.8% to the reduction in 

multidimensional headcount poverty between 2007 and 2010 (using a poverty line that was 

60% of the median MPI in 2007). Nevertheless, when the poverty line was 40% of the median 

poverty line MPI in 2007, the estate sector contributed only 8.8% to the overall reduction of 

multidimensional headcount poverty, while the MPI poverty gap ratio and the severity ratio 

worsened with this change in the poverty line. Such a drastic change in poverty rates with 

respect to the change in the poverty line was observed only in the estate sector. This indicates 

that changes in the estate sector multidimensional poverty are sensitive to the selected poverty 

line as the near-poor group is likely to be significant. It is a concern that the reduction in 

multidimensional poverty in the estate sector is considerably smaller than that of the urban and 

rural sectors after the war. In fact, in October 2018, the estate workers led a protest march for 



15 
 

daily minimum wages to be doubled from US$2.90 as despite generations of toil, these workers 

are mostly landless and have few possessions.1  

 

[Table 7] 

 

The provincial decompositions given in Table 7 reveal that there was a large degree of 

heterogeneity in the contribution of individual provinces to the reduction in overall 

multidimensional poverty. Between 2007 and 2010, the contribution of the Central (23.6%), 

the Eastern (15.87%) and the Sabaragamuwa (12.76%) provinces were most notable in 

reducing MPI using a poverty line that was 60% of the median MPI in 2007.  After the Sri 

Lankan military government liberated the Eastern province in 2007, a significant amount of 

resources was directed towards the reconstruction of the Eastern province. This could have 

helped to reduce multidimensional poverty although Table 3 indicates worsening of 

expenditure poverty for the Eastern province between 2007 and 2010. Thus there appears to be 

a mismatch in the reduction of multidimensional and expenditure poverty during this period.  

 

Between 2010 and 2013, the North-Western province contributed most to the reduction in 

overall multidimensional poverty (using a poverty line that was 60% of the median MPI in 

2007). Nevertheless, the results for the civil war provinces reveal contrasting results. The 

impact of peace dividend in the Eastern province appeared to have subsided during this period, 

showing only a small reduction in multidimensional poverty in the Eastern province (6.21% 

using a poverty line that was 60% of the median MPI in 2007). The Northern province only 

represented 9.12% of the overall decline in the multidimensional poverty headcount ratio. But 

our results are based only on two districts and exclude the three districts in the Northern 

province that not covered in the 2010 survey.   

 

Although the contribution of the Northern province to overall reduction in multidimensional 

poverty in the country appears somewhat better than provinces such as Uva and 

Sabaragamuwa, there is a need for greater attention by the government and international 

development aid to the Northern province. The latter is particularly necessary in view of the 

                                                           
1 See https://www.ucanews.com/news/sri-lankan-tea-workers-demand-pay-hike/83720 
 

https://www.ucanews.com/news/sri-lankan-tea-workers-demand-pay-hike/83720
https://www.ucanews.com/news/sri-lankan-tea-workers-demand-pay-hike/83720
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fact that Sri Lanka’s social assistance programs are less generous than in many other 

developing countries by international standards and even more concerning is the trend towards 

a shrinking budget over recent years (World Bank 2016). It is however vital that the people in 

the Northern province be paid special attention to uplift their lives and establish their 

livelihoods in the aftermath of the civil war to prevent any possible clashes among the Sinhalese 

and Tamil communities in the future due to the negligence of the welfare of Tamil communities 

in the country.   
 

4.3  Quantile regression analysis 

Table 8 presents the quantile regression results that correspond to Equation (6). The F-test 

results (available from authors upon request) for testing the equality of slope coefficients across 

the quantiles show that they are significant. This confirms the use of the quantile model as 

opposed to the OLS which relies on the normality of the distribution which was rejected by 

earlier tests.  

  

The results indicate that the sector and province of residence play a significant role in 

determining multidimensional poverty. Compared to the urban sector, the estate sector shows 

the highest level of multidimensional poverty followed by the rural sector. The dependence of 

the estate sector workers on their employers for accommodation and basic services means that 

their housing conditions, sanitation and water quality can easily be compromised (World Bank 

2016). Hence there is a need for some level of government intervention to monitor or partly 

subsidise the provision of these facilities. Public-private partnerships may be a useful 

consideration (World Bank 2014) to overcome these issues in terms of finance and 

organisational abilities to more effectively provide these services.    

 

At the provincial level, compared to the Western province, the North-Western province is better 

off but all other provinces show greater levels of multidimensional poverty. The war-affected 

Northern and Eastern, as well as Uva and Central provinces are the worst preforming provinces. 

The sectoral and provincial results further confirm the stochastic dominance and decomposition 

results discussed in Section 4.2. Households belonging to Tamil and other ethnic groups show 

higher multidimensional poverty compared to the Sinhala ethnic group. The coefficient for 

female-headed households is negative and statistically significant indicating that they 

experience higher prevalence of multidimensional compared to their male counterparts. Thus 
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evidence suggests that it is critical for gender-based policies favouring female household heads 

to be implemented to reduce multidimensional poverty.  

 

[Table 8] 

 

Total expenditure shows a positive sign across all quantiles, indicating that the higher the 

household expenditure, the greater the improvements in multidimensional poverty outcomes. 

The positive coefficient for age variable followed by a negative coefficient for the square of 

age variable indicate that multidimensional poverty improves but at a decreasing rate as the 

age of the household head increases This may be because mature age households may have 

greater access to resources and finances to afford household assets and thus have better housing 

conditions than younger families.  

 

At lower MPI quantiles, increases in household size enhances better multidimensional poverty 

outcomes. This may be associated with consumption economies of scale arising from the 

sharing of household goods and housing attributed to large households compared to smaller 

households (Jayasinghe et al. 2016). Level of education of the head of household demonstrate 

positive and statistically significant coefficient indicating that education positively impacts on 

reducing the level of multidimensional poverty, possibly through higher earnings.  

 

5. Conclusions 
 

This study provides some useful insights to the status of spatial and intertemporal 

multidimensional poverty in Sri Lanka over the war period. Although it is noteworthy that 

multidimensional poverty in Sri Lanka has declined from 2007 to 2013, the progress is not 

universal. For instance, stochastic dominance and decomposition results highlighted the lower 

performance of multidimensional poverty outcomes in the Northern, Eastern, Uva and Central 

provinces. While the former two provinces were badly affected by the civil conflict, the latter 

two provinces comprise the estate sector and high unemployment non-tea-growing districts.2 

Thus geographic pockets of multidimensional poverty exist and efforts to improve regional 

balance are necessary for sustainable inclusive growth to ensure no one is left behind.    

 

                                                           
2 See http://www.statistics.gov.lk/EconomicStat/EconomicStat2017.pdf 

http://www.statistics.gov.lk/EconomicStat/EconomicStat2017.pdf
http://www.statistics.gov.lk/EconomicStat/EconomicStat2017.pdf
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For instance, given the specific nature of the estate sector and its dependence on the private 

sector for its needs, it is important to ensure that a public-private partnership is conducive and 

effective to help the people in this sector. Although the estate sector only comprises 4% of the 

population (World Bank 2016), tea which is mainly produced by the estate sector contributes 

2% of GDP. It does not help that only half of the poor adults in this sector had completed 

primary school (ibid). Hence the provision of education and alternative productive work 

opportunities are possible avenues of raising living standards for the estate sector. In addition 

to income, the use of MPI has shown that housing conditions and access to health are important 

aspects of life that need to be improved.   

  

The quantile regression results also revealed a strong positive association between 

multidimensional poverty and household expenditure which suggests that policies aimed at 

reducing income poverty can also be effective in reducing multidimensional poverty. One such 

policy is the generation of jobs which provide families with a sustainable source of income to 

address both income and multidimensional poverty. Another result was that the ethnic minority 

of Tamils were worse off than the Sinhalese group after the war indicating the need for a 

targeted government policy towards helping this group. In fact, the World Bank (2016) reports 

that the poverty rates of Tamils are almost twice that of the Sinhalese once the Northern and 

Eastern provinces are included.  

 

Although employment generation is a key requirement for people in the war-affected provinces 

to revive their living in a post-war condition, this alone will not suffice especially if jobs are 

not permanent. This is because the reduction of income poverty is necessary but not sufficient 

for sustained MPI improvements. For this, there needs to be a coherent policy framework to 

address other aspects and ensure that they are well aligned to enhance sustainability of living 

standards. Hence effort is needed to step up and speed up post-war reconstruction strategy and 

resource allocation must be optimal to include improved access to better housing and 

electrification, and investments in infrastructure and improved access to health and education 

facilities in order to reduce the various forms of deprivation.  

   

It must be cautioned that the results from this paper may not be generalised to other war-

affected countries as the nature of war and devastation may be different in other economies. 

Several limitations in this study also serve as directions for future research. First, as with any 

methodology, there are limitations of the MCA approach in its underlying algorithm such as 
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the phenomenon of low percentages of variation on principal axes and the choice of 

identification conditions on the scale values (Greenacre and Blasius eds. 2006).  Hence other 

approaches such as latent class models or fuzzy approach may be applied. In addition, if the 

same individuals can be tracked over time, it would be worthwhile to examine which particular 

dimensions of MPI have improved over time for the various population groups.  

 

Second, it is unclear if the results will be robust if the problem of endogeneity could have been 

addressed. Third, if data were available, information on political and other social considerations 

and details on employment/unemployment status of all family members should strengthen the 

analysis. Lastly, although the paper shows that multidimensional poverty declined for Sri 

Lanka regardless of the war, this is only a short term effect. The long term effects of civil 

conflict especially on children can be adverse based on their schooling disruption (Islam et al. 

2016). Thus it is important to track MPI over long periods after the war and a focus on child 

MPI could shed a different light on issues for policy consideration.  
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Table 1 Summary of Survey Samples 
  
  

 
 
   Source: Department of Census and Statistics (2008, 2011a, 2015). 
  

Survey Survey Period Number of Households Districts Surveyed 
HIES 2006/07 July 2006 - July 2007 18,585 19 
HIES 2009/10 June 2009 - July 2010 19,958 22 
HIES 2012/13 July 2012 - June 2013 20,537 25 
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Table 2 Summary of demographic characteristics  

 
Source: Department of Census and Statistics (2008, 2011a, 2015). 
 

 

 

 

 

 

 

 

 

 Percentage of Population 
 2006/07 2009/10 2012/13 
Sector    
  Urban 24.99 26.42 25.18 
  Rural 65.72 64.88 65.79 
  Estate 9.29 8.70 9.02 
Province    
  Western 27.74 27.50 26.08 
  Central 12.55 11.08 11.58 
  Southern 19.43 17.60 15.49 
  Northern - 3.31 8.78 
  Eastern 7.91 10.60 9.44 
  North Western 10.01 9.25 8.81 
  North Central 6.66 6.39 6.16 
  Uva 6.94 6.19 6.36 
  Sabaragamuwa 8.76 8.08 7.27 
Gender of Household Head     
  Male 76.18 75.94 76.35 
  Female 23.82 24.06 23.65 
Age of the Household Head     
  18-29 5.44 6.92 6.06 
  30-39 17.19 17.83 18.83 
  40-49 25.94 24.92 24.04 
  50-59 25.09 24.39 24.38 
  60 + 25.60 27.29 27.94 
Ethnicity of Household Head 
  Sinhalese 75.02 70.41 67.78 
  Tamil 15.30 18.80 22.57 
  Others 9.60 10.73 9.67 
Education of Household Head     
  Less than Grade 6 34.07 30.78 28.11 
  Grade 6-9 25.16 25.07 24.06 
  G.C.E Ordinary level  27.26 29.55 31.06 
  G.C.E. Advanced level and above 13.51 14.60 16.77 
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Table 3 Poverty head-count index by province 

 

 

 
 
 
 
 
 
 
 

 
    
 
Source: Department of Census and Statistics (2008, 2011a, 2015). 
  

Province 2006/07 2009/10 2012/13 
Western 8.2 4.2 2.0 
Central 22.3 9.7 6.6 
Southern 13.8 9.8 7.7 
Northern Not available 12.8 10.9 
Eastern 10.8 14.8 11.0 
North Western 14.6 11.3 6.0 
North Central 14.2 5.7 7.3 
Uva 27.0 13.7 15.4 
Sabaragamuwa 24.2 10.6 8.8 
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Table 4 Construction of MPI (weights from 2012/13 HIES)  

Variables  Description Index Weights  
Health  
Chronic Illness No chronic illness 

Has chronic illness 
0.203  
-0.064 

Access to Hospital This variable is ranked from best to worst:  
Distance 0-4km  
Distance 5-9km 
Distance 10-14km 
Distance 15-19km 
Distance 20+ 

 
0.461 
-0.215 
-0.581 
-1.117 
-1.207 

Education This is ranked from highest to lowest:  
G.C.E. Advanced level and above 
G.C.E Ordinary level 
Grade 6-9 
Less than Grade 6 

 
1.408 
0.791 
-0.452 
-0.947 

Inventory of Durable Goods  
Washing machine Has washing machine 

No washing machine 
2.151  
-0.502 

Fridge Has fridge 
No fridge 

1.461 
-1.225 

Motor car/van Has motor car 
No motor car 

3.153 
-0.168 

Telephone Has telephone 
No telephone 

1.291  
-0.693 

Mobile Telephone Has mobile telephone 
No mobile telephone 

0.327  
-1.552 

Motor Bike Has motor bike 
No motor bike 

1.108 
-0.436 

DVD/VCD Player Has DVD/VCD player 
No DVD/VCD player 

1.149  
-0.801 

Computers Has computer 
No computer 

3.872 
-0.209 

Housing Information  
Toilet Use This variable is ranked from best to worst:  

Exclusive use of toilet 
Shared toilet 
Public toilet/No toilet 

 
0.187 
-2.021 
-2.716 

Toilet Type This variable is ranked from best to worst:  
Water seal  
No water seal 
Direct pit 

 
0.052 
-1.475 
-3.112 

Size of House 750 + square feet 
500 to less than 750 square feet 
250 to less than 500 square feet 
100 to less than 250 square feet 
Less than 100 square feet 

  0.469 
-0.202 
-0.419 
-0.942 
-1.083 

Type of Roof Material Permanent roof material 
Temporary roof material 

0.286 
-1.362 

Type of Wall Permanent wall material 
Temporary wall material 

0.148 
-2.632 

Type of Floor Material Permanent floor material 
Temporary floor material 

1.098 
-0.176 

Access to Safe Water Has access to safe water 
Does not have access to safe water 

0.203 
-1.557 

 



28 
 

Table 5 Relationship between multidimensional and expenditure poverty  

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 
Notes: MPI poverty line is the 60% of the median MPI of the respective survey years. The official monthly 
expenditure poverty lines used are 2006/07: Rs.2233, 2009/10: Rs.3028, and 2012/13: Rs 3264 per person.   

 

 

 

  

Panel A: 2006/07 
 

                             MPI Poverty 
 

  
Poor Non-poor Total 

Expenditure Poverty 

Poor 4.01% 10.15% 14.16% 
Non-poor 6.56% 79.28% 85.84% 
Total 10.57% 89.43% 100% 

Panel B: 2009/10 
 

                           MPI Poverty 
 

  
Poor Non-poor Total 

Expenditure Poverty 

Poor 2.03% 6.95% 8.98% 
Non-poor 5.16% 85.85% 91.01% 
Total 7.19% 92.80% 100.00% 

Panel C: 2012/13 
 

                           MPI Poverty 
 

  
Poor Non-poor Total 

Expenditure Poverty 

Poor 1.04% 3.71% 4.75% 
Non-poor 5.55% 89.70% 95.25% 
Total 6.59% 93.41% 100.00% 
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Table 6 Sectoral decomposition of multidimensional poverty  

 
Note:  *significant at the 95% level of significance. 

 MPI Poverty Poverty 

Change 

Share of Poverty Change (Sectors) 

 2007 2010 Urban Rural Estate Migration Interaction 

Panel A: Between 2007 and 2010 

Poverty line is 60% of Median MPI in 2007 

MPI Headcount  8.82 4.80 -4.02* 11.9 65.2 24.8 -2.1 1.2 

MPI Poverty Gap 2.64 1.19 -1.45* 6.6 79.4 9.4 3.3 1.3 

MPI Poverty Gap2  1.16 0.32 -0.84* 5.7 90.8 4.8 -2.7 1.4 

Poverty line is 40% of Median MPI in 2007 

MPI Headcount  3.14 1.40 -1.74* 5.3 86.2 8.8 -1.4 1.5 

MPI Poverty Gap 1.02 0.53 -0.49* 5.89 95.1 -4.2 1.9 0.4 

MPI Poverty Gap2 0.49 0.23 -0.26* 3.4 104.9 -6.5 -2.2 0.4 

Panel B: Between 2010 and 2013 

 MPI Poverty Poverty 

Change 

Share of Poverty Change (Sectors) 

 2010 2013 Urban Rural Estate Migration Interaction 

Poverty line is 60% of Median MPI in 2007 

MPI Headcount  5.12 1.16 -3.96* 20.2 73.8 2.43 3.27 0.4 

MPI Poverty Gap 1.62 0.80 -0.82* 15.2 81.9 6.1 -2.1 -0.9 

MPI Poverty Gap2 0.71 0.30 -0.41* 8.1 80.5 8.2 1.9 0.3 

Poverty line is 40% of Median MPI in 2007 

MPI Headcount  1.85 0.82 -1.03* 14.8 75.8 8.2 1.4 -0.2 

MPI Poverty Gap 0.48 0.07 -0.41* 5.9 84.3 12 -0.7 -0.6 

MPI Poverty Gap2  0.09 0.02 -0.07* 2.6 88.1 9.4 0.6 -0.7 
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Table 7  Provincial decomposition of multidimensional poverty  

    
  Note: *denotes significance at the 95% level.   N/A means not available.

 MPI Poverty Percent 

Change 

Share of Poverty Change (Province) 

 2007 2010 North Eastern West Central North-
West 

North- 
Central 

Uva Sabara-
gamuwa 

Southern Migration Interaction 

Panel A: Between 2007 and 2010 

Poverty line - 60% of Median MPI in 2007 

MPI Headcount  8.82 4.80 -4.02* N/A 15.87 11.23 23.6 9.41 9.23 8.27 12.76 10.54 -0.98 -0.16 

MPI Poverty Gap 2.64 1.19 -1.45* N/A 12.41 6.95 18.12 11.89 12.99 9.28 14.56 13.71 -0.28 1.1 

MPI Poverty Gap squared 1.16 0.32 -0.84* N/A 11.99 5.12 16.34 12.28 13.01 8.08 13.16 18.44 -0.26 1.83 

Poverty line - 40% of Median MPI in 2007 

MPI Headcount  3.14 1.40 -1.74* N/A 11.17 4.53 21.7 11.26 14.63 7.96 12.53 16.22 0.67 -0.03 

MPI Poverty Gap 1.02 0.53 -0.49* N/A 8.05 3.32 15.01 14.33 15.16 9.36 13.51 21.27 -0.02 -0.01 

MPI Poverty Gap squared 0.49 0.23 -0.26* N/A 11.62 2.11 10.02 14.98 12.92 10.08 17.09 22.65 -1.58 0.15 

 MPI Poverty Percent 

Change 

Share of Poverty Change (Province) 

 2007 2010 North Eastern West Central North-
West 

North- 
Central 

Uva Sabara-
gamuwa 

Southern Migration Interaction 

Panel B: Between 2010 and 2013 

Poverty line - 60% of Median MPI in 2007 

MPI Headcount  5.12 1.16 -3.96* 9.12 6.21 10.13 11.01 22.85 11.07 7.16 6.54 15.12 3.09 -1.42 

MPI Poverty Gap 1.62 0.80 -0.82* 10.02 6.88 8.76 13.98 20.26 13.8 8.09 6.73 11.02 3.03 -2.48 

MPI Poverty Gap squared 0.71 0.30 -0.41* 8.87 5.71 8.09 15.22 21.06 17.05 9.78 6.03 9.11 1.79 -2.64 

Poverty line - 40% of Median MPI in 2007 

MPI Headcount  1.85 0.82 -1.03* 12.22 8.13 7.28 12.09 22.13 13.7 8.03 8.46 9.81 1.89 -3.45 

MPI Poverty Gap 0.48 0.07 -0.41* 7.98 6.58 6.89 15.99 17.89 17.67 12.07 6.86 8.82 2.12 -2.53 

MPI Poverty Gap squared 0.09 0.02 -0.07* 2.08 2.96 5.84 21.06 15.97 24.38 15.07 6.27 7.21 1.89 -2.75 
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Table 8  Associations with MPI in 2012/13  
 

OLS  5th 
Quantile 

10th 
Quantile 

25th 
Quantile 

50th 
Quantile 

75th 
Quantile 

90th 
Quantile 

Constant -99.60* 
(0.000) 

 -110.66* 
(0.000) 

-92.34* 
(0.000) 

-101.48* 
(0.000) 

-107.89* 
(0.000) 

-101.88* 
(0.000) 

-100.99* 
(0.000) 

Sector   
      

Rural -3.404* 
(0.000) 

 -3.365* 
(0.000) 

-2.622* 
(0.000) 

-2.615* 
(0.000) 

-3.178* 
(0.000) 

-3.867* 
(0.000) 

-3.945* 
(0.000) 

Estate -9.409* 
(0.000) 

 -10.074* 
(0.000) 

-10.321* 
(0.000) 

-11.220* 
(0.000) 

-11.664* 
(0.000) 

-11.451* 
(0.000) 

-11.940* 
(0.000) 

Province   
      

Southern -1.045* 
(0.000) 

 -0. 804 
(0.117) 

-0. 485 
(0.415) 

-0.885* 
(0.004) 

-1.422* 
(0.000) 

-1.262* 
(0.000) 

-0.183 
(0.719) 

Sabaragamuwa -0. 634* 
(0.064) 

 -2.226* 
(0.004) 

-1.439* 
(0.051) 

-0.211* 
(0.0583) 

-0.466 
(0.249) 

-0.236 
(0.607) 

-1.127* 
(0.037) 

Uva -2.004* 
(0.000) 

 -3.526* 
(0.000) 

-2.641* 
(0.000) 

-2.135* 
(0.000) 

-1.874* 
(0.000) 

-1.476* 
(0.000) 

-0.876** 
(0.088) 

North Central -1.323* 
(0.000) 

 -4.226* 
(0.000) 

-2.387* 
(0.005) 

-1.591* 
(0.004) 

-1.398* 
(0.003) 

-1.042** 
(0.054) 

0.037 
(0.926) 

North Western 0. 647* 
(0.040) 

 -0.460 
(0.486) 

0. 435 
(0.305) 

0.413 
(0.343) 

0.460 
(0.272) 

1.050* 
(0.000) 

1.446* 
(0.002) 

Central -2.119* 
(0.000) 

 -3.495* 
(0.000) 

-3.611* 
(0.000) 

-2.273* 
(0.000) 

-1.809* 
(0.000) 

-1.591* 
(0.000) 

-1.484* 
(0.002) 

Eastern -2.567* 
(0.000) 

 -4.286* 
(0.000) 

-2.774* 
(0.000) 

-1.982* 
(0.000) 

-2.528* 
(0.000) 

-2.855* 
(0.000) 

-2.001* 
(0.026) 

Northern -2.948* 
(0.000) 

 -8.059* 
(0.000) 

-6.901* 
(0.000) 

-3.684* 
(0.000) 

-1.835* 
(0.003) 

-1.401 
(0.122) 

-1.496 
(0.173) 

Ethnicity   
      

Tamils -3.162* 
(0.000) 

 -3.117* 
(0.001) 

-3.504* 
(0.000) 

-3.606* 
(0.000) 

-3.174* 
(0.000) 

-3.102* 
(0.000) 

-3.176* 
(0.001) 

Other -2.687* 
(0.000) 

 -1.749* 
(0.028) 

-1.860* 
(0.000) 

-2.379* 
(0.000) 

-2.967* 
(0.000) 

-3.195* 
(0.000) 

-2.623* 
(0.000) 

Female-headed -0.687* 
(0.001) 

 0.518 
(0.218) 

-0.799* 
(0.000) 

-0.371 
(0.307) 

-0.614* 
(0.009) 

-0.645* 
(0.011) 

-1.526* 
(0.000) 

Total expenditure  14.330* 
(0.000) 

 13.161* 
(0.000) 

13.328* 
(0.000) 

13.658* 
(0.000) 

14.376* 
(0.000) 

15.473* 
(0.000) 

16.135* 
(0.000) 

Age 0.472* 
(0.000) 

 0. 520* 
(0.000) 

0.528* 
(0.000) 

0.489* 
(0.000) 

0.418* 
(0.000) 

0.471* 
(0.000) 

0.435* 
(0.000) 

Age2  -0.003* 
(0.000) 

 -0.003* 
(0.000) 

-0.004* 
(0.000) 

-0.004* 
(0.000) 

-0.003* 
(0.000) 

-0.004* 
(0.000) 

-0.003* 
(0.000) 

Household size 0.327* 
(0.000) 

 0.221* 
(0.001) 

0.419* 
(0.000) 

0.096 
(0.445) 

0.138 
(0.136) 

-0.132 
(0.113) 

-0.164 
(0.152) 

R2  0.5142  0. 2568 0. 2678 0. 2833 0. 3140 0. 3396 0.3483 
 
Notes:  p-values in parenthesis; * and ** indicates significance at the 5% and 10% level respectively.  
            MPI is constructed such that a MPI value of 0 (100) represents the most (least) multidimensionally poor.   
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Figure 1 Trends in poverty head-count index  

 

Source: Department of Census and Statistics (2008, 2011a, 2015). Data in 1990/91 and 2001/02  
             exclude the Eastern and Northern provinces.   
 
 
Figure 2 Distribution of MPI 

       

 

 

 

 

 

Figure 3 Multidimensional poverty FGT curves  

  

1990/91 2001/02 2006/07 2009/10 2012/13
Urban 16.3 7.9 6.7 5.3 2.1

Rural 29.5 24.7 15.7 9.4 7.6

Estate 20.5 30.0 32.0 11.4 10.9

Sri Lanka 26.1 22.7 15.2 8.9 6.7
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Figure 4 Sectoral level multidimensional poverty FGT0 curves  

 
 
 
 
Figure 5 Provincial level multidimensional poverty FGT0 curves  
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Figure 6    Multidimensional poverty FGT0 curves by ethnicity and gender of household head 
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